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Abstract

Background: Wenqing Yin (WQY) is a classic prescription used to treat skin diseases like
atopic dermatitis (AD) in China, and the aim of this study is to investigate the therapeutic
effects and molecular mechanisms of WQY on AD. Methods: The DNFB-induced mouse
models of AD were established to investigate the therapeutic effects of WQY on AD. The
symptoms of AD in the ears and backs of the mice were assessed, while inflammatory
factors in the ear were quantified using quantitative real-time-polymerase chain reaction
(qRT-PCR), and the percentages of CD4+ and CD8+ cells in the spleen were analyzed
through flow cytometry. The compounds in WQY were identified using ultra-performance
liquid chromatography-tandem mass spectrometry (UPLC-MS/MS) analysis and the key
targets and pathways of WQY to treat AD were predicted by network pharmacology.
Subsequently, the key genes were tested and verified by qRT-PCR, and the potential active
components and target proteins were verified by molecular docking.

Keywords: Wenqing Yin; atopic dermatitis; mouse model; UPLC-Orbitrap-MS/MS;
network pharmacology
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Highlights

Prevotella spp. have emerged as key modulators of host metabolism,

exhibiting species-specific effects on gut barrier function, inflammation,

and metabolic homeostasis. Recent evidence highlights the potential

of high-fiber and herbal interventions to selectively enrich beneficial

Prevotella populations. This perspective outlines an ecology-based

framework that integrates herbal modulation with microbiota profiling

to harness microbe-herb synergy in managing metabolic disorders.

Medical history of objective

Traditional Oriental medicine has long regarded the gastrointestinal

tract as the foundation of overall health, frequently referring to

the spleen–stomach axis as “the foundation of acquired constitution”.

Classical texts such as the Huangdi Neijing (compiled in 300–100 B.C.E.)

and the Dongui Bogam (compiled in 1610 C.E. by Jun Heo) documented

numerous herbal prescriptions designed to enhance digestive function

and treat conditions now recognized as metabolic syndromes –

characterized by fatigue, obesity, excessive thirst, and impaired digestion.

Notably, many of these herbal formulas were historically used to regulate

the gastrointestinal environment, “harmonize Qi movement” (keep the

body’s energy moving smoothly), and “eliminate internal dampness”

(remove extra moisture inside the body), concepts that align with

modern understandings of microbial dysbiosis, gut barrier dysfunction,

and low-grade systemic inflammation. Contemporary pharmacological

research has confirmed that many of these herbs and their active

compounds (e.g., berberine, flavonoids, ginsenosides, etc.) can remodel

the gut microbiome, modulate Prevotella abundance, and influence bile

acid and short-chain fatty acids (SCFAs) pathways.

Insert A head here

This demo file is intended to serve as a “starter file”. It is for preparing
manuscript submission only, not for preparing camera-ready versions
of manuscripts. Manuscripts will be typeset for publication by the
journal, after they have been accepted.

By default, this template uses biblatex and adopts the Chicago
referencing style. However, the journal you’re submitting to may require
a different reference style; specify the journal you’re using with the
class’ journal option — see lines 1–7 of sample.tex for a list of options
and instructions for selecting the journal. If you are using this template
on Overleaf, Overleaf’s build tool will automatically run pdflatex and
biber. If you are compiling this template on your own local LATEX
installation, please execute the following commands:

1. pdflatex sample
2. biber sample
3. pdflatex sample
4. pdflatex sample

Some journals e.g. journal=pasa
require BibTEX. For such journals, you will need to

• delete the existing \addbibresource{example.bib};
• change the existing \printbibliography to be

\bibliography{example} instead.

Overleaf will run pdflatex and bibtex automatically as needed.
But if you had first compiled using another journal option that adopts
biblatex, and then change the journal option to one that adopts
BibTEX, you may get some compile error messages instead. In this
case you will need to do a ‘Recompile from scratch’; see https://www.
overleaf.com/learn/how-to/Clearing_the_cache.

On a local LATEX installation, you would need to run these steps
instead:

1. Delete sample.aux, sample.bbl if these files from a previous
compile using biber still exist.

2. pdflatex sample
3. bibtex sample
4. pdflatex sample
5. pdflatex sample

The desired model should also provide measurable feedback
describing the degree of metabolic stress experienced. To

achieve this, we compared CV values with optical probing of the
nicotinamide adenine dinucleotide (NADH/NAD+) ratio using the
NADH fluorescence signal (fNADH). Based on previous studies
[ref_194007, ref_194008, ref_194009], we developed a theoretical
framework summarizing current strategies for fNADH probing using
photobleaching [ref_194010]. We identified a key gap: the correlation
between fNADH dynamics and subsequent tissue function remains
unexplored. We adapted and integrated the fNADH probing protocol
into the excitation-wave optical mapping protocol. This allowed us to
reveal a direct link between local changes in fNADH during metabolic
stress and the delayed formation of a conduction block: the developed
model made it possible to record the occurrence of a block in the long
term, even in its absence, immediately after reperfusion. A comparison
of CV maps and fNADH allowed us to test the entire experimental
sample for a correlation between these parameters: the resistance of
the NADH/NAD+ ratio to photobleaching emerged as a potential
prognostic parameter within each group and in the entire sample,
regardless of the type of metabolic stress (R2 = 0.925, P < 0.01). Thus,
the developed model made it possible to identify and quantitatively
represent the cause-and-effect chain between arrhythmogenesis and
cardiac tissue remodeling, as well as to assess the capacity of cardiac
tissue for controlled adaptation to metabolic stress.

Lorem ipsum dolor sit amet, consectetur adipiscing elit, sed do
eiusmod tempor incididunt ut labore et dolore magna aliqua.

Lorem ipsum dolor sit amet, consectetur adipiscing elit, sed do
eiusmod tempor incididunt ut labore et dolore magna aliqua. Lorem
ipsum dolor sit amet, consectetur adipiscing elit, sed do eiusmod tempor
incididunt ut labore et dolore magna aliqua.

Insert B head here

Subsection text here. Lorem ipsum [1] dolor sit amet, consectetur
adipiscing elit, sed do eiusmod tempor incididunt ut labore et dolore
magna aliqua.

Lorem ipsum dolor sit amet, consectetur [2] adipiscing elit, sed do
eiusmod tempor incididunt ut labore et dolore magna aliqua. Lorem
ipsum dolor sit amet, consectetur adipiscing elit, sed do eiusmod tempor
incididunt ut labore et dolore magna aliqua. Lorem [3] ipsum dolor sit
amet, consectetur adipiscing elit, sed do eiusmod tempor incididunt ut
labore et dolore magna aliqua.

Insert C head here
Subsubsection text here. Lorem ipsum dolor sit amet, [4] consectetur
adipiscing elit, sed do eiusmod tempor incididunt ut labore et dolore
magna aliqua. Lorem ipsum dolor sit amet, consectetur adipiscing elit,
sed do eiusmod tempor incididunt ut labore et dolore magna aliqua.

Lorem ipsum dolor sit amet, consectetur adipiscing elit, sed do
eiusmod tempor incididunt ut labore et dolore magna aliqua. Lorem
ipsum dolor sit amet, consectetur adipiscing elit, sed doa eiusmod
tempor incididunt ut labore et dolore magna aliqua.

Equations

Sample equations. Lorem ipsum dolor sit amet, consectetur adipiscing
elit, sed do eiusmod tempor incididunt ut labore et dolore magna
aliqua. Lorem ipsum dolor sit amet, consecteturb adipiscing elit, sed
do eiusmod tempor incididunt ut labore et dolore magna aliqua. Lorem
ipsum dolor sit amet, consectetur adipiscing elit, sed do eiusmod tempor
incididunt ut labore et dolore magna aliqua.

The historical use of P. incarnata L. dates back to the Late
Archaic period in North America (approximately 8000-2000 B.C.).
Archaeological findings suggest that Indigenous peoples of the
pre-Columbian era cultivated mutual relationships with various plant
species, and P. incarnata L. frequently thrived as a weedy crop in
human-influenced habitats [5]. The genus Passiflora, established by
Linnaeus, includes around 520 species within the family Passifloraceae.
Most species are climbing plants native to Central and South America,
while a few are distributed across North America, Southeast Asia, and
Australia [6]. Traditionally, P. incarnata L. has been valued in herbal
medicine across different regions. In Europe, it was primarily used to
treat insomnia and anxiety, whereas in North America, it was commonly
consumed as a calming tea. In Brazil, the plant served multiple

aA footnote/endnote
bAnother footnote/endnote
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therapeutic purposes, such as acting as an analgesic, antispasmodic,
anti-asthmatic, wormicidal, and sedative agent [6–8]. It has also been
employed in Iraq as a sedative and narcotic [9], and in Turkey for
ailments like dysmenorrhea, epilepsy, neurosis, insomnia, and neuralgia
[10]. In Poland, it has been prescribed for hysteria and neurasthenia
[11], while in the United States, it has been used to alleviate diarrhoea,
menstrual pain, neuralgia, burns, haemorrhoids, and sleep disorders
[12]. In India, P. incarnata L. has been administered to individuals
with opiate dependence [13].

𝜕𝑢(𝑡, 𝑥)
𝜕𝑡

= 𝐴𝑢(𝑡, 𝑥) (1 – 𝑢(𝑡, 𝑥)
𝐾

) – 𝐵 𝑢(𝑡 – 𝜏, 𝑥)𝑤(𝑡, 𝑥)
1 + 𝐸𝑢(𝑡 – 𝜏, 𝑥)

,

𝜕𝑤(𝑡, 𝑥)
𝜕𝑡

= 𝛿 𝜕2𝑤(𝑡, 𝑥)
𝜕𝑥2 – 𝐶𝑤(𝑡, 𝑥) + 𝐷 𝑢(𝑡 – 𝜏, 𝑥)𝑤(𝑡, 𝑥)

1 + 𝐸𝑢(𝑡 – 𝜏, 𝑥)
,

(1)

Lorem ipsum dolor sit amet, consectetur adipiscing elit, sed do
eiusmod tempor incididunt ut labore et dolore magna aliqua. Lorem
ipsum dolor sit amet, consectetur adipiscing elit, sed do eiusmod tempor
incididunt ut labore et dolore magna aliqua. Lorem ipsum dolor sit
amet, consectetur adipiscing elit, sed do eiusmod tempor incididunt ut
labore et dolore magna aliqua.

𝑑𝑈
𝑑𝑡

= 𝛼𝑈(𝑡)(𝛾 – 𝑈(𝑡)) – 𝑈(𝑡 – 𝜏)𝑊(𝑡)
1 + 𝑈(𝑡 – 𝜏)

,

𝑑𝑊
𝑑𝑡

= –𝑊(𝑡) + 𝛽 𝑈(𝑡 – 𝜏)𝑊(𝑡)
1 + 𝑈(𝑡 – 𝜏)

.
(2)

𝜕(𝐹1, 𝐹2)
𝜕(𝑐, 𝜔) (𝑐0,𝜔0)

= ∣
𝜕𝐹1
𝜕𝑐

𝜕𝐹1
𝜕𝜔

𝜕𝐹2
𝜕𝑐

𝜕𝐹2
𝜕𝜔

∣
(𝑐0,𝜔0)

= –4𝑐0𝑞𝜔0 – 4𝑐0𝜔0𝑝2 = –4𝑐0𝜔0(𝑞 + 𝑝2) > 0.

𝑌 𝑛+1
𝜃 = ∑

𝑤∈𝑋(𝜃)
𝑌 𝑛 (ℎ𝑛

𝑤, ℎ𝑤, 𝑒𝑛
𝑤) (3)

(𝑉 𝑐 – 𝑉 𝑡) × 100/𝑉 𝑐 (3)

Figures & Tables

The output for a single-column figure is in Figure 1. Lorem ipsum
dolor sit amet, consectetur adipiscing elit, sed do eiusmod tempor
incididunt ut labore et dolore magna aliqua. Lorem ipsum dolor sit
amet, consectetur adipiscing elit, sed do eiusmod tempor incididunt ut
labore et dolore magna aliqua. Lorem ipsum dolor sit amet, consectetur
adipiscing 𝑀𝑝 = 0.749×√𝑁max elit, sed do eiusmod tempor incididunt
ut labore et dolore magna aliqua.

Lorem ipsum dolor sit amet, consectetur adipiscing elit, sed do
eiusmod tempor incididunt ut labore et dolore magna aliqua. Lorem
ipsum dolor sit amet, consectetur adipiscing elit, sed do eiusmod tempor
incididunt ut labore et dolore magna aliqua. Lorem ipsum dolor sit
amet, consectetur adipiscing elit, sed do eiusmod tempor incididunt ut
Figure 2 labore et dolore magna aliqua.

16×10
(Original size: 320×200 bp)

Figure 1 Insert figure caption here

See example table in Table 1.

Conclusion

The conclusion text goes here.
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Figure 2 Insert figure caption here

Figure 3 Transfer Learning Process for 4 Labels Profusion

(a) depicts initialization of a DenseNet-121 model with ImageNet weights to start with a network that already has a good
understanding of basic image features and Image (b) depicts the pre-trained weights act as a form of knowledge transfer from the
ImageNet task to target domain of Chest X-ray profusion classification task.
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fweafwa <0.05
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